Computational model-based analysis of spatial navigation strategies under stress and uncertainty

using place, distance and border cells
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PLACE CELL-BASED MODEL

BACKGROUND

EXPERIMENTAL DESIGN AND BEHAVIORAL RESULTS

Stress facilitates learning & memory... The position of the animal (state s(2))
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PARAMETER ESTIMATION

We estimated best-fitting parameters of models with place and border cells in different experimental conditions and genetic strains of mice. First, we selected the least sensitive

MODEL-DERIVED

Water maze

Platform parameters to be fixed across days/conditions, as all cannot be flexible: among them, crucially, the learning rate.
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Across tasks and strains, cold water
consistently leads to increased
exploitation of knowledge (higher
beta). These differences mostly
disappear once the mice are put to 22
deg water after the break.
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strategies alone.
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DBA/2 mice performing the variable
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